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Abstract

In this research, we use agent-based models to solve conservation equa-
tions. A conservation equation is a partial differential equation that de-
scribes any conserved quantity by establishing a relationship between the
density and the flux. It is used in areas such as traffic flow and fluid
dynamics. Past research on numerically solving conservation equations
mainly tackles the problem by establishing discrete cells in the space and
approximating the densities in the cells. In this research, we use an agent-
based model, in which we describe the solution through the movement of
particles in the space. We propose an agent-based model for conservation
equation in 1-D space. We found a change of variables that transforms the
original conservation equation to the specific volume conservation equa-
tion. This transform allows us to apply results in finite volume method to
the agent-based model and find a condition for the agent-based solution
to converge to the exact solution of scalar conservation equations.

1 Introduction

A well-known partial differential equation is the conservation equation. In one-
dimensional space, the conservation equation is

where p(x,t) is the density and f(z,t) is the flux, both of which are scalar
functions of position = and time ¢. Let the velocity function v(x,t) = f; 83 ,

then Equation (1) becomes 0;p + 9,(pv) = 0. When velocity only depends on
the density, Equation (1) becomes

dp + 0z(pv(p)) = 0. (2)

Equation (2) has many applications, such as modelling traffic systems where
the velocity of cars only depends on the density of cars.

There is much previous research on solving Equation (2). It can be solved
analytically using the method of characteristics [2]. People also developed nu-
merical methods such as the finite difference and finite volume method for ob-
taining approximations of the solution [3]. These methods discretize the space



domain into fixed cells and track how the density in each cell changes with
time. Approaching the problem differently, the agent-based model does not set
up fixed cells, but rather uses the movement of agents on the space domain to
track the changes in density. The agent-based model is motivated by the La-
grangian description of a flow field because it attempts to simulate the changes
in density by tracking the movements of individual particles. While the agent-
based model is quite intuitive in the case of modelling traffic and fluid particles,
we want to explore the implementation of agent-based model to equations that
may not be derived from moving particles.

Given the initial density distribution, Finite volume method finds the density
in each cell at the next time step by approximating the fluxes going through the
cell walls. Past research has shown that when implementing the finite volume
method, choosing the correct flux approximation methods, such as the upwind
method and Godunov’s method, allows the numerical solution to converge to the
exact solution [3]. The central question this paper investigates is how we should
set up the agent-based model so that the numerical solution of the agent-based
model converges to the exact solution. To tackle the problem, we introduce
a change of variables that transforms the original conservation equation into
the conservation of specific volume equation. We observe that the agent-based
model can be understood as a finite-volume method for the specific volume
conservation equation. This observation produces our main theorem, which,
in informal terms, states that given an agent-based model, if its corresponding
finite-volume method converges for the specific volume conservation equation,
the agent-based model converges for the original conservation equation. This
result gives us a condition for the convergence of the agent-based model and
allow us to apply results about finite volume method to agent-based models.

The paper contains the following sections. Section 2 defines the agent-based
model that we study and provides background knowledge for the finite volume
method, which is necessary for understanding our main result. Section 3 intro-
duces the change of variables and proves important properties of the change of
variables. Section 4 contains the proof of our main theorem, which gives a con-
dition for the convergence of the agent-based model. Section 5 gives an example
of an agent-based model that converges. Section 6 discusses implementing the
agent-based model to solve systems of conservation equation. Section 7 discusses
potential topics for future research.

2 Preliminaries

2.1 Finite Volume Method

Finite volume method is a widely used numerical method for Equation (2) and is
related to the agent-based model. Finite volume method calculates the change
of p in each cell by calculating the fluxes going through the two cell walls [3].
We first discretize the space domain into cells of length Az and the time domain
into time steps At apart. Let p7 denote the density in the cell [x;,2;41] at the



time step t,, and let F]* be the flux through the cell wall at x; at time step ¢,.
At each time step, we calculate the flux through a cell wall using a numerical
flux function F(pr, pr) where pr, and pgr are the densities in the cells left and
right of the cell wall respectively. Given a finite volume method, the function
f(pL,pr) is the same for all cell walls at all time steps. At the time step ¢, the
numerical fluxes is given by FJ' = F(p?_y, p'). We then calculate the densities
at the next time step with

At
p;lJrl = p? + E(anfl - an)' (3)
Given p(;, the numerical density at ¢ initialized according to the initial condition
p(x,0), we can obtain the numerical solution at any time step ¢, by applying
Equation (3) for n times.
Equation (3) is derived from the integral form of Equation (1). Integrating
with respect to x over [zg,z¢ + Az] and with respect to ¢t over [to, o + At] of
equation (1) gives us

xo+Ax to+At
/ ple.to + AL) — ple,to)di = / F(@o.t) — flxo + A, t)dt,

xo 2SO

_ _ At — -
p(t0+At) — pto + M(ffo _ me+At)7

where p' is the average density in [zo,zo + Az] at to and f, is the average
flux over the time period [to,to + At] at zg.

Different finite volume methods are defined by different numerical flux func-
tion. For example, the upwind method approximates the flux using

Flpw,pr) = (7(pe) + F(pr) ~ alpr — pu)

where a = f'(pr) if pr, = pr and a = % if pr # pr.

2.2 Agent-based Model

In the agent-based model, we first discretize the time domain into discrete time
steps of length At. Let each agent carries the mass Am. To initialize the model,
we place an agent Py at © = 0. For an initial condition p(z,0), we place the
agent P; at x = =; whenever fomj p(x,0)dx = jAm for any integer j. As shown
in Figure 1, given an distribution of the n agents, the numerical density p}
between agents P;; and P; is calculated as Am/(xj41 —x;) where ;41 and ;
are the location of the two agents that are adjacent to the location x. Because
of the way the agent-based model is initialized, the numerical density in the
initial time step equals to the average density

o T p(a, 0)de
pj=—"——"——.
Tj+1 — Tj



The velocities of the agents at each time step are defined by a function
V(pr,pr), where pr, and pg are the numerical densities to the left and right of
the agent. Let 27 denotes the position of P; at time step ¢,,. Let V" denote the

velocity of P;. Then x;-”'l =7 + Vj"At,

A

density

& ® ® ® |
Xj1 X Xj+1 Xj+2  position

Figure 1: The Numerical Density Calculated from the Distribution of Agents

It is important to note that the agent-based model is different from a finite
volume method with moving mesh, such as the one discussed in [5]. In a moving
mesh finite volume method, although the cell walls are moving, the density in
each cell is still approximated from the fluxes through the cell walls. On the
other hand, the density in the agent-based model is approximated from the
distance between the agents.

In this paper, we assume that At are small enough such that the agent P;
never surpasses P;.1 for all integer j at all time steps. This paper investigates
what kind of V(pr,pr) we should give to the agents so that the numerical
solution of the agent-based model converges to the exact solution. Figure 2 and
Figure 3 shows the numerical solutions obtained from a finite volume method
and an agent-based model for the inviscid Burgers equation. In Figure 3, each
dot represents an agent. The z-coordinate of the dot shows the position of the
agent and the y-coordinate of the dot shows the numerical density on the left
side of the agent. In this specific example from Figure 3, the agent-based model
seems to approximate the exact solution well and suggests that it is reasonable
to attempt to find a convergence condition for agent-based models.

3 Conservation of Specific Volume

This section introduces the change of variables that allows us to find the con-
dition under which the agent-based model converges to an exact solution. This
change of variable is from the observation that the distances between adjacent
agents change in the same way as the densities in the cells of a finite volume
method. Let d be the distance between the agents P; and Pji1 at time step



at tg at t1 at to

Figure 2: Numerical solution obtained from finite volume method. Horizontal
axis: position. Vertical axis: density

at to at tl at t2

Figure 3: Numerical solution obtained from the agent-based model. Horizontal
axis: position. Vertical axis: density



n n n n n d;-l
tn. Then d7* = d} + V' At — V"At. Let o' = . Then

At
o =0T (V) — (V) ()
Note that Equation (4) is simply Equation (3) with the variables renamed.
More specifically, Equation (4) is the finite volume equation for the conservation
equation

Oo(m,t) — Opv = 0.

Therefore, there is some connection between the finite volume method and the
agent-based model. The change of variable introduced in this section is moti-
vated by this observation and helps us understand the relation between the two
seemingly different numerical methods.

Let p : R x [0,7] — RT be a strong solution to Equation (2) such that
lim, oo fom p(a t)dr’ = oo and lim,_, _ fox p(x t)dr’ = —oo. We also assume
that v(p) is a continuous function. Let m(z,0) = [; pdx and let

t
m(z,t) =m(z,0) +/ —f(z,a)da. (5)
0
Taking, the derivatives of m(z,t), we get the following.
orm(zx,t) = —f(x,t),

Ozm(z,t) = p(x,0) —/0 —pt(z,a)da
= p(z,1t).

Thus, intuitively, m can be understood as the mass because its spacial derivative

is density p. Because p(z,t) > 0, the function g : (z,t) — (m(x,t),t) is a

bijection whose domain and codomain are R x [0,T] . Therefore, we can rewrite

p(z,t) as p(m(x,t),t) where the function p(m,t) = p(g~*(m,t)). Let the specific
1

volume o (m, t) be defined as o(m, t) = PCOR Because g has x and t derivatives,

g~ ! has m and t derivatives, so o(m,t) has m and t derivatives.

Lemma 3.1. o(m,t) is a strong solution for

Oro(m,t) — O (
o

Proof. Because p(x,t) satisfies Equation (2),

0 =0p(x,t) + f/(p)al’p(xﬂ t)
=0p(m(z,1),t) + f'(p) Oup(m(z,1), 1)
_Op(m,t)  Op(m,t) Om(x,t) .. Op(m,t) Om(x,t)
B T U S P




Plugging in f(p) = pv(p) and the derivatives of m(z,t), we have

_8p(m,t) 2 7 ap(m,t)

Timing the expression by —p% and plugging in o = %, we have

_0o(m.t) | '(3) dalm,t)

0 ot o2 om
1
:8t(7(m, t) - amv(m)

Recall that o(m,t) has m and ¢ derivatives. Thus o(m,t) is a strong solution.
O

This theorem shows that the change of variable in g : (z,t) — (m(z,t),t)
produces a solution for Equation (6). We now construct an expression for the
inverse function g~!. Essentially, we need a function that, given any mg and t,
finds the position xg such that mg = m(xg,t), or, more intuitively, tracks the
trajectory of a fixed mg. Let k(t) be a function of time such that 9ym(k(t),t) =
0. Then, applying the chain rule and plugging in the derivatives of m produces

p(k,t)0ik + f(k,t) = 0.

Recall f(k,t) = p(k,t)v(k,t). Thus, d:k = v(k,t) and the trajectory k is a
stream line of the velocity field v(z,t). We then deduce that the inverse with
respect to z of the function m(z,t) is

t
1

wm.t) = a(m.0) + [ (oot @

where x(m, 0) is the inverse of m(z,0). Notice that d;z(m,t) = W(W), which

shows that it is a stream line. Intuitively, Equation (7) can be understood as
the original position of m and how much m has traveled until time ¢. Thus, the
inverse of g is simply =1 : (m,t) = (z(m,1),1).

Finding g~! allows us to transform a solution of Equation (6) into a solution
of Equation (2). Let po(x) be a smooth initial condition. Applying the change of
variable in Equation (5) for only ¢ = 0 gives us o(m,0). Let o(m,t) be a strong
solution for Equation (6) with o(m,0) as the initial condition for ¢ € [0,7].
Let a(z,t) be the function such that a(z(m,t),t) = o(m,t) for all m € R and
t €10,T]. Let p(z,t) = —

a(z,t)"

Lemma 3.2. p(x,t) is a strong solution of Equation (2) that satisfies the initial
condition po(x).

Proof. The proof of this lemma relies on an observation on the symmetry of the
transformation. After exchanging the names of m and z, p and o, p and a, f
and —v, Equation (2) becomes Equation (6) and Equation (5) becomes Equation
(7). The arguments for Lemma 3.1 then applies to the current lemma, so p(z, t)
satisfies Equation (2). Because z:(m,0) is the inverse of m(x,0) with respect to
x, p(x,0) = po(x). The proof is complete. O



The proof of this lemma reveals that the transformation described by Equa-
tion (5) has order 2 in the sense that if we apply this transformation two times
to a solution of a conservation equation, we get the original solution. This re-
sult is confirmed by the fact that given a initial condition, there is a unique
strong solution to Equation (2) [1]. Our result also implies that considering the
conservation of specific volume is looking at the conservation of mass from a
different perspective and solving one allows us to solve the other one.

Lemma 3.3. Fort € [0,T],

fﬂr" a(m,t)dm @ @®
me —my o f;f o(z,t)dz’

where xo > x1, my = m(x1,t), and mg = m(xs,t).

Proof. Because d,m = p, it comes naturally that f;f p(x,t)dr = mo — my.
Applying a substitution to the denominator of the expression of the left gives

us
mo T2 1
/ o(m,t)dm = / p(z, t)dx

m1 1 p(xvt)
=T — 1.

4 Convergence of Maximum Norm

Let p(x,0) be the initial condition. Applying the transformation in Equation (5)
gives us o(m,0), the initial condition for the conservation of specific volume.
Given a velocity rule V(pr, pr) for the agent-based model, the finite volume
method for Equation (6) is set up in the following way. Let m; = jAm and
we set up a cell wall at each m; for all integer j. The initial numerical specific
volume o} between m; and mj 1 is set to

o it o(m,0)
0; = P —
Jj+1 J

The numerical flux —V;" going through the cell wall at m; at time step ¢, is
~V(=+—, %) where V is the velocity rule for the agent based model. Thus,

ol ol
every Jagent]—based model has a finite volume counterpart. The convergence
is considered in the maximum norm. We choose to use the maximum norm
because it allows us to apply our result in the domain of real numbers to periodic
domains.

Let T > 0 and n be a positive integer such that nAt < T'.




Theorem 4.1. Suppose the numerical fluz from the finite volume method of
specific volume has

n—1

(| 2 VAt = [ ot ) < (8 )

n’=0

where v(m, t) is the velocity field from an exact solution o(m,t) of Equation (6)
and v is a strictly increasing function such that lima;—ov(At) = 0. Then, there
exists p(x,t) that is a solution for Equation (2) such that

0 pla, ) d

ax(|ph — 22— |} < Cy(At 10

(| — ) < Cr(a) (10)

for all At < At. where At. and C are constants that depends only on the initial
condition p(z,0).

Proof. Let opin be the minimum o(m,t) for all ¢ € [0, 7], which equals the
minimum of o(m,0). Let At, be a solution to Amomin, —27(At) > 0. Note that
At. only depends on p(z,0) because o(m, 0) is determined by p(z,0). Let At <
At.. We first show that the convergence of the numerical velocity means the
convergence of the numerical specific volume. For convenience, let a(m;,t,) =
f;:].wrl o(m,ty)dx
mjp1—m;

a(m;,0) + z— [" v(mjy1,t) — v(my,t)dt, we have

. Because o7 = o + S AL j’il - Vj”') and & (mj,t,) =

n _ At ol n' 1 tn
ma(o = 3my. b)) Sman(l £ 37 Vi - 5 | vtmssa i
t

Z v Atf— v(my, t)dt)))

< QW(At) _
- Am

The finite volume method is connected to the agent-based model because the
density between agents equals to the reciprocal of the specific volume between
cell walls as shown below.

n+1l _ Am
p] m?j:ll _ x?—‘rl
:(z?H + (Vi - an)At)—l
Am
=(of + - (Vi - Vi)™
1
= n+1-



Let p(z,t) be the function constructed from o(m,t) using the change of
variable in Equation (7). By Lemma 3.2, p(z,t) is a solution Equation (2).
Now, we need to show that the numerical solution converges to p(x,t). For
convenience, let

B 1 Tjt1
p(ay tn )Zm/ p(z,t,)dx,

1 /I(mﬁhtn)
z(my, tn) — 2(Mjr1,tn) Joim, t0)

where x(m,t) is the exact change of Variable from Equation (7). Note that
p(x(mj,ty),t,) is different from p(x7,t,) because there is a difference between
the numerical position » and the exact position z(mj,t,). Because of Lemma

ﬁ(x(mjatn))tn) = p(x,t)dx

3.3, p(z(mj,t,),tn) = m Now we consider the error of the agent based
model.
1 1 1
" —o(z" )| =|— — — D Jtn
|pj p(xj7 )l |0_;1 () + 5(my, tn) P(iﬂ] )|
1
<|— = — 0 it),t) — p(z?, ty
Sl gy P00 = a5 )
Because a;? > Opmin — %,
A1 _lepolmt)
oj  a(mj,tn) o5 a(mj, tn)|

27(At)
- Umin(AmUmin - 2’7(Atc)) .

Let pmax be the maximum of p(x,t) over t € [0,T]. Note that pyax = —

Recall that o7 = 29 + Y21 VI At and z(my, t,) = m]a )+ Jy" v(my. 1)
Because of the way the agent=based model is initialized, 33 = x(m;,0). Thus
|zt — x(myj,tn)| = | Zz;lo an/At fo v(my, t)dt|) < ’Y(At) Then,

(@(mj1,tn) = 2(my, tn))p(x(m;, 1), ) + 2pmaxy (Al)
a(mjir,tn) — x(my, tn) — 27(At)

For any a > 0 and z. € (0,a), we have - < — [0,z.]. In

our case, a = x(Mjy1,t,) — x(mj, t,), z. = 27(A tc)7 and x = 2v(At). Thus,

2v(At)p(x(my, t), )
(mJ+17 ) I(mjv n) (AtC)
2pmaxV(At)
2(m st tn) — 2y, ta) — 29050
4’7(At)pmax
x(mjy1,tn) — x(mj, t,) — 29(At.)

ﬁ(x;t’ tn) <

P ta) <pla(my,t),t) +

<p(x(m;,1),t) +

10



Because z(mjq1,t,) — x(mj, t,) = f:f”l a(m,ty)dm > Amomin,
J

4pmax
p(x? t,) <p i,t),t At
p(l‘] ) n) — p(lli(m]7 )a ) + Amomin _ QW(AtC)fY( )

Similarly, we have

($(mj+1’t )_x(mjvt ))ﬁ( (mj7 )’ )_2pmax7(At)
z(mjy1,tn) — x(my, t,) + 27(At)

ﬁ(x?, tn) =

Forany a > 0, ;47 > 1—7 when x > 0. Substituting a = z(m;11,t,)—x(m;, t,,)
and © = 2pmaxy(At) produces

2p( (mj’t)’t)
z(mji1,tn) — x(my,t )

2pmax
Ab),
w11, ) — almg ) + 29(0) A

_ 4pmax
> ; - A
_p(z(m],t),t) x(mj+1,tn) _ l‘(mj,tn)fY( t)v
4Pmax
At).
AMomin — QW(AtC)Py( )

P 1) >pla(m;. 1), 1) ~ 1(A1)

>p(x(my,t),t) —

Therefore,

— 4pmax
<
|p( (m]7 )ﬂt) ‘O(CL' t )| — Amamin _ QV(Atc) ’Y(At)ﬁ

4
<
o Umin(Amo-min - 2’7(At6))

v(Al).

Thus,

6
Omin (AMOmin — 27(At,))

masx g} — (e} ta)]| < +(A). (11)

Recall that o, only depends on p(z,0). The proof is complete. O

This proof essentially shows that if the velocity approximation rule V(pr,, pr)
gives us the correct specific volume solution when we use it in the finite volume
method for specific volume, the agent-based solution converges to the exact solu-
tion. Moreover, the agent-based model converges in the same order as the finite
volume method. The reason that the convergence condition is the convergence
of velocity, or the specific volume flux, instead of the convergence specific volume

is because 9o (m,t) + 3mv(m) 0 and do(m,t) + O, ( (J(m )+ k) 0
where k is a constant have the same o(m,t) as the solution, but the p(m,t)

obtained from o(m,t) will be different because the velocities in the two cases
are offset by k.

11



5 Example: Godunov’s Method

Theorem 4.1 shows that we can determine whether an agent-based model con-
verges to the exact solution by examining whether its corresponding finite vol-
ume method converges. Therefore, if we know a finite volume method converges,
we can “translate” it to an agent-based model that will also converge, allowing
us to apply results in finite volume methods to the agent-based model.
Consider the conservation equation dyu(z,t) + 0, f (u(x,t)). The Godunov’s
Method is a finite volume method that approximate the interface flux by solving
the Riemann problem [3]. Suppose two adjacent cells have density u7_; and uf
and their boundary is at x; at time step t,, we consider the Riemann problem

with the condition initial condition

= 75

n .
u; T > Tj.

Let u(x, t) be the solution to the Riemann problem. Suppose u(z;,t) = «’ where
v’ is constant for ¢t € (0,At]. Then, the interface flux at the boundary z; is
F* = f(u'). Results in solving the Riemann problem shows that the interface
flux should be

M n n

mingr | ur) flw) uli_y <uj

J n
j

maxpn yn ) f(u)  wj_y > uj.

In the conservation of specific volume, u(x, t) is replaced by o(m,t) and f(u(z,t))
by —v(m). The specific volume flux law in Godunov’s method is therefore

_V( n 1

o’ —(min[oﬁajn;l]v(;)) o’

1 i) _ *(max[gf;l,g;r] v(1)) o <of
j—1 , O;'L ;ﬂ_l > g?

o
The agent-based model that correspond to this finite volume flux law therefore
has the following velocity rule.

mingr  omv(p)  pi_y < pf

- - (12)
maxgpn on 1 0(p) Py > pf

V(pj-1:0}) = {
The example of the inviscid Burgers equation can clarify how the agent-based
model using the velocity rule in Equation (12) is implemented. The inviscid
Burgers equation is d;p(, t) +0:(3p%) = 0, so v(p) = 3p is the velocity term [4].
The agent-based model derived from Godunov’s method for the inviscid Burgers
equation therefore has the velocity rule

V(pn L pn) — %p?—l p?—l S p;L
e 300 P> pf

Because Godunov’s method converges for scalar conservation laws, the agent-
based model that uses the velocity approximation rule in Equation (12) con-
verges to the exact solution. In fact, the agent-based model that produces

12



Figure 3 uses the velocity rule derived from Godunov’s method. By the process
described in this section, we can construct an agent-based model for any finite
volume method.

6 Systems of Conservation Equations

This section discusses the possibility and the mathematical difficulty of apply-
ing the agent-based model to systems of conservation equations. Systems of
conservation equation can be written as

atﬁ(x’ t) + 8wf(ﬁ(x7t)) = 67 (13)

where p and f are n dimensional vectors. Equation (2) studied in previous
sections is the case when n = 1. This section only discusses the case when
n = 2, which already shows how we can extend the agent-based model to n > 2
and the main difficulties in generalizing the result in n = 1 to n > 1. When
n = 2, Equation (13) can be written as

atpl(x’t)+83€f1(p1(xvt)7p2(xvt)) =0 (14)

atPQ(‘Tat) + amfg(pl(l',t),pg(l',t)) =0, (15)

where f1 = p1v1(p1, p2) and fa = pava(p1, p2). The agent-based model is set up
in the following way. There are two kinds of agents P and ), which represents
p1 and po respectively. Let each agent carries the mass Am. To initialize the
agent simulation, we place agents Py and (¢ at = 0. For an initial condition
p1(z,0), we place agent P; at = x; whenever foxj p1(z,0)de = jAm for
any integer j. For an initial condition ps(z,0), we place agent Q; at = x;
whenever [ pa(z,0)dz = jAm for any integer j. Given an distribution of the
n P agents, the numerical density p7; between agents Pj 41 and P; is calculated
by Am/(z;4+1—x;) where ;41 and xz; are the location of the two P agents that
are adjacent to the location z. The numerical density py; is calculated in the
same way using () agents. The velocity of agent P; at position x; are determined
by a function Vi (p1r, p1Rr, p2L, p2r) Where p1r, is the numerical density p; to the
left of x;, pir the numerical density p; to the right of z;, par the numerical
density ps to the left of x;, and par the numerical density p to the right of ;.
When there is no @) agent at the position of P;, par, = p2r because the density
p2 to the left and right of P; is the same. Because it is almost impossible for
the agents to completely overlap, there is often no need to consider the case of
pa2r. # p2r The velocity of agent @); at position z; are determined by a function
Va(pir, p1R, p2L, p2r). For the same reason, we often have p1;, = p1r. Once the
velocities V; and V4 are calculated, the agents’ positions are updated for the
next time step.

13



Figure 4: horizontal axis represents location; vertical axis represents density;
grey dots represent p;; black squares represent p

We implemented the agent-based model for the system of conservation equa-
tions that uses the velocity rule

p1+ p2
U1(P1,p2)=1}m1(1_ P )7

p1+ p2
v2(p1, p2) = Um, (1 — (T)Q)’

which is used for modelling traffic flow. Figure 4 shows three screen shots for
the solution obtained from the agent-based model.

6.1 Change of Variables for Systems of Conservation Equa-
tions

For the scalar conservation equation, applying the change of variable in Equa-
tion (5) allows us connect the convergence of finite volume methods to the
convergence of agent-based models. In this section, we apply the same change
of variable to Equation (14) and Equation (15). We define the new variables
mq(x,t), ma(x,t) as

ml(x,t)zml(x,o)—/o Fula )t (16)

m2<x,t)=m2(x,o)—/0 Fola, )t (17)

where my(z,0) = [ p1(a’,0)dz’ and ma(z,0) = [ pa(a’,0)da’. Let p1(my(z,t),t) =
p1(z,t) and pa(ma(x,t),t) = pa(x,t). We then have

Opi(z,t) + Oz (prv1(p1, p2))
:8p1 (mq,t) N Op1(mq,t) Omy(z,t) N Op1(ma,t) Omy(x,t)
ot omy ot omy ox
61]1 6])1 8m1 8’1}1 8;02 6m2
+p1(m1’t)(3p1 Om, Ox Ops Omy Ox )

v1 (,01, Pz)
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Because amla(tr’t) = —fi(z,t) = famégf’t) v1(p1, p2), we have

ov Opq Ov Ops

:ap1<m17t> vy » vy p )
Op1 Omy ' Op2 Omao 2

ot

+ p1(ma, t)(
Multiplying the equation by —1% produces
1

1 ov Op1 v Ops P2

Ot y_9Y _ v
t(pl(mh t) Op1 Omy  Opz Oma py

=0io1(m1,t) — Omrv1(p1(ma, t), pa(ma, t)).

Doing the same change of variable on the equation for ps, the original system
of conservation equations becomes

Oro1(my,t) — Om,v1(p1(my,t), pa(ma,t))

27t 07 (18)
002 (M, t) — Omyva(p1(ma, t), p2(me,t)) = 0.

It is important to note that the new system in Equation (18) is no longer a
system of conservation equation because o; is a function of m; and ¢ while
o2 is a function of mg and ¢. In fact, we need Equation (16) and Equation
(17) to implicitly define the relation between m; and msy to make the system
of specific volume conservation meaningful. Because the new system is not a
system of conservation equations, we cannot simply treat the agent-based model
as a finite volume method for specific volume, which is our the main technique
for the scalar case.

7 Conclusion and Future Work

In our work, we propose an agent-based model for solving the conservation
equation. By introducing a change of variables, we transform the original con-
servation equation to the conservation of specific volume. This transformation
then allows us to prove that the agent-based solution converges if the finite
volume method for the conservation of specific volume converges. This result
enables us to apply past results in finite volume methods to agent-based mod-
els as each finite volume method has its agent-based version. We also extend
the agent-based model for scalar conservation equations to vector conservation
equations and show the difficulty of proving convergence for the agent-based
model for vector equations.

One can generalize our work in the scalar conservation equation by consid-
ering convergence in different norms. For example, Theorem 4.1 likely can be
extended to Lp norm. This extension would allow the application of more re-
sults in finite volume methods to agent-based models since many of the results
are in Lp norms.

Another natural choice for future work is to find the criteria for the agent-
based solution to converge for the vector conservation equation. This maybe
difficult because the change of variable discussed in Section 6 shows that it is
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unlikely that we can directly connect results in finite volume methods to agent-
based models as we did with the scalar case.

Lastly, it would also be meaningful to compare agent-based models with
finite volume methods. Although it is likely that the two methods are the same
for scalar conservation equations, the two methods have major differences for
vector conservation equations. In a traditional finite volume method, different
densities use the same cells, so the cell walls for different densities line up with
each other. Thus, the flux approximation needs to take into account the densities
on the left and the right of the wall. Agent-based models may have an advantage
over traditional finite volume methods as the agents for different densities almost
never line up, making velocity approximation easier.
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